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ABSTRACT
New creators of augmented reality (AR) and virtual reality (VR) applications often face a steep learning curve during the onboarding
stage of creation and struggle in identifying suitable learning materials that are appropriate for their skillsets. To support the initial
learning needs of new AR/VR creators from different backgrounds,
we designed and implemented a novel personalized onboarding
interface (PONI) that allows users to locate relevant projects based
on their programming and 3D modeling skills, development goals,
and any constraints, such as time or budget. Our usability evaluation (n=16) showed that most creators found PONI to be intuitive,
useful, and saw its potential to be used as a knowledge hub for
inspiration and self-directed exploratory learning. We discuss ways
in which the personalization could be further enhanced and how
the potential of PONI could be explored to improve onboarding in
contexts beyond AR/VR development.
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1

INTRODUCTION

As consumer-level augmented reality (AR) and virtual reality (VR)
devices are getting cheaper and easier to access around the world,
there has been growing interest in creating new types of AR/VR
applications. This growth has led to a proliferation of different
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AR/VR authoring tools and development environments. For example, commercial frameworks such as Unity, Unreal, and A-Frame
allow developers to create industry-level games and other types of
creative AR/VR experiences. There is also another class of emerging
tools with simpler user interfaces that aim to lower the barrier-toentry for AR/VR development (e.g., Vizor.io [3], CenarioVR [1], and
Cospaces.io [2]). Research in HCI is also pushing the boundary of
AR/VR prototyping by exploring tools that eliminate the need for
programming or 3D modeling to make AR/VR creation easier to
access (e.g., [57, 60, 65–67, 84, 96]).
Despite the availability of several options for authoring AR/VR
applications, getting started with AR/VR development still presents
a steep learning curve for newcomers to the field [4, 8, 83]. Newcomers often need to first explore existing AR/VR projects and
understand the possibilities for design and programming. We refer
to this as the onboarding stage of the AR/VR creation process as it
consists of preparatory activities that newcomers do before actually
tinkering with any of the authoring frameworks or development environments. This onboarding stage can be particularly problematic
for the growing community of AR/VR creators who come from a
range of different domains and may have limited or no professional
training in software development, design or engineering [4]. These
creators can include artists who are exploring AR to showcase
their creations in art installations [88], teachers who are tinkering
with VR in their classes to convey complex ideas like geometry
[9, 41], and architects who are trying to create virtual physicalizations of their designs [9, 53]. These diverse non-professional
AR/VR creators are often not familiar with relevant terminology
and concepts and find it difficult to understand the full landscape
of AR/VR techniques [4].
To locate examples and learning materials, most new AR/VR
creators currently start their informal onboarding process by initiating a web search and peruse through resources such as MOOCs,
YouTube videos, and online forums [4]. However, since these creators are not familiar with the AR/VR nomenclature and do not
fully understand the interplay between different hardware and software components, they have difficulty in formulating their queries
and expressing their desired goals (e.g, should they be choosing
marker-based or marker-less AR?). Another key problem for these
creators is assessing the suitability and reliability of the retrieved
materials relative to their own skills in programming, 3D modeling,
or other technologies [4, 47, 77]. For example, a newcomer may not
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Figure 1: An example of a user journey in PONI that simulates the scenario described in Figure 6: a) The user first determines
the type of immersive experience they want (AR or VR); b) Based on the type of experience, the user selects the category of
experience (e.g., in VR, they can select simulations, 360◦ VR, story telling, or leave it open by indicating I don’t know; c) The
user then specifies their intended way for experiencing the output (e.g., for VR, the options include smartphones, tablets,
Web/desktop, and HMDs) and any budget constraints or targets; d) The user specifies their background in terms of technical
skills, such as programming and 3D modeling; e) Based on the answers, PONI generates a user profile and directs the user to
the suggestion module which shows a ranked list of projects matching the user profile.
realize that the tutorial that they are looking at requires advanced
knowledge of 3D geometry or skills in adapting a particular API.
Furthermore, creators may be working within the constraints of a
timeline or a specific budget and the examples or tutorials that they
find online may not be possible to recreate within these constraints.
As a result, creators can get entangled in inefficient trial-and-error
processes as they look for relevant examples and guidance [47, 76].
Given the difficulties that new AR/VR creators face in understanding the landscape of different design possibilities and determining the suitability of tutorials for their own needs, we wondered
how we could use a personalized approach to support these creators’ onboarding process. In particular, our research question is:
How can we design a personalized onboarding tool for helping new
AR/VR creators retrieve learning materials that are appropriate for
the creators’ level of technical skills, desired goals, and a given set of
constraints?

In this paper, we present the design and evaluation of a
"Personalized ONboarding Interface" (PONI ), that facilitates early
stage AR/VR creation for newcomers. PONI is an interactive tool
that uses examples and simplified descriptions to incrementally introduce the nomenclature and stages of the AR/VR creation process.
It uses a rule-based approach [33, 79] to generate a user profile that
captures the user’s technical skills, development or design goals,
and any constraints, such as time or budget. Based on the user profile, PONI retrieves a ranked list of projects tailored to user needs
and characteristics from a database of curated AR/VR examples. To
accommodate user navigation and support recognition over recall
[70], PONI provides visual cues to show the extent to which each
user input matches the retrieved project’s characteristics. Users can
further customize the suggestions by defining the importance of
the factors impacting the ordering of the results or by applying
filters on the suggested projects.

PONI: A Personalized Onboarding Interface

To evaluate PONI, we ran an observational usability study with
16 AR/VR newcomers and compared PONI with another nonpersonalized keyword-based BASELINE interface. We found that
almost all of the participants found PONI to be more intuitive,
useful, and engaging compared to the BASELINE. In particular,
participants indicated that PONI served as a useful centralized hub
for learning about AR/VR terminologies and requirements and to
get inspiration for potential projects that were actually feasible
given one’s skillsets. A key advantage of PONI for participants was
that they could engage more in systematic self-directed exploratory
learning instead of relying on trial-and-error.
The main contributions of this paper are: (1) the design and implementation of PONI, a novel personalized onboarding interface
that allows new AR/VR creators to discover learning materials tailored to their skill levels, goals, and constraints; and, (2) insights
from an observational usability study that demonstrate the utility of the personalized onboarding approach for newcomers and
how it could be used for self-directed exploratory learning. Our
findings confirm that one-size-fits-all approaches do not work well
for the differing needs of AR/VR creators and that personalization
techniques could provide a fruitful starting point for supporting
nuances in onboarding. Overall, our work highlights the importance of adopting a user-centred interaction design perspective
for designing personalized systems in the context of supporting
informal learning.

2

RELATED WORK

This work builds upon prior research on challenges in getting
started with AR/VR creation, innovations in software learnability, and personalization approaches used in formal learning.

2.1

Challenges in creating AR/VR applications

New AR/VR creators can face a number of different challenges
in getting started as they need to understand the capabilities of
various platforms, tools, and devices and determine how they work
together to create a cohesive AR/VR experience. Currently available
creation frameworks can vary widely in terms of system structure
and hardware constraints to support intended use-cases and relevant features [68, 83]. In most cases, experiences created with
one framework only run on one kind of device, and repurposing
it to another framework or adjusting it to support more devices is
either complicated or expensive. For example, marker-based applications are created entirely differently than ones that work with
spatial mapping. While a newcomer may start with a quick web
search, identifying an appropriate tool-chain requires experience
and domain knowledge [4]. This even makes it harder for newcomers to understand the strengths and weaknesses of different
frameworks, understand different creation processes, and figure
out ways to best combine available resources to satisfy application
requirements [68].
One approach for lowering the barriers to entry is automating
some of the technical aspects of AR/VR creation, such as generating
the initial prototypes [7, 45, 55, 56, 66, 78]. However, recent work
indicates that such approaches may not work for AR/VR creators
who have little to no software development experience and lack
a conceptual model of the overall creation process. For example,
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Ashtari et al. [4] found that non-professional AR/VR creators, such
as hobbyists and domain experts, face difficulty in knowing where
to even start, lack access to concrete design guidelines and examples, and struggle in making use of online learning resources. Other
research on AR/VR creation [8, 83] has also identified the struggles that creators face with the fragmented landscape of AR/VR
authoring tools and how newcomers often fail to select appropriate programming languages, authoring tools, or testing hardware
that meets their project-specific needs. Most newcomers try to
draw inspiration from existing example AR/VR projects and use
them to jump-start their design [4], but struggle in finding learning
resources that contain an appropriate amount of high-level (e.g.,
general rules and strategies of the AR/VR creation process) and
low-level details (e.g., software, hardware, and devices used for a
particular AR/VR experience) [4, 68]. This makes it difficult to determine the feasibility of a given project that matches an individual’s
needs and constraints.
Considering the challenges that new AR/VR creators face during
onboarding, in this research we attempt to lower the barriers of
entry through the design of an interface that 1) personalizes newcomers’ initial learning experiences considering their background
and constraints, 2) helps them gain domain knowledge through
exploration of example projects, and 3) helps them assess the suitability of learning materials.

2.2

Innovations in software help and tutorial
systems

Although consumer-level AR/VR creation has only recently started
receiving attention in HCI, there is a long history of research on
software learnability and supporting help-seeking activities. Since
beginners are known to struggle in locating relevant learning materials [47], some research advocates embedding the relevant help in
the form of tutorials and Q&A within the target application through
overlays and other in-context techniques [17, 27, 61, 62, 89]. Researchers have also explored techniques for improving interaction
with video-based tutorials (e.g., [6, 28, 42, 49, 52, 72, 73]), which
tend to be more popular way of learning about using a feature-rich
application [47]. Other approaches have tried to lower the learning
cognitive load by adding gamification elements [58] or augmenting
tutorials with input from the user community [12, 54, 74]. Although
the general concepts in this software learning and help systems can
be applied to specific AR/VR authoring tools, prior work shows that
newcomers face challenges in even knowing what tools to select in
the first place and their first onboarding need is understanding the
overall landscape of AR/VR development.
Individual differences in training and technical expertise also
play a significant role when a user starts learning a new programming language or works with a new feature-rich application [22, 24].
Some works have explored ways of detecting software expertise
[34] to support users coming from different backgrounds and differing in skill levels, often using low-level operations such as pauses
or dwells [73], time of access to the menu [40], mouse motions [32],
and usage heatmaps [86]. While these approaches can be effective
after a considerable amount of user interaction with the system,
they suffer from cold start problem and cannot provide much advantages to the user without exposure to actual user profiles or
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activities. Another class of tools has explored ways of assessing a
tutorial’s difficulty by using machine learning techniques to automatically assess a tutorial’s difficulty (e.g., [77]) or by using social
voting mechanisms to classify difficulty level of instructions [89].
But, these approaches only consider one type of application-specific
expertise and, in practice, most software activities span multiple
applications. To accomplish this type of activity learners need to
equip themselves with a "tool-belt" [85] often differing in characteristics, commands, and output, but we are only starting to see some
work in HCI exploring application-independent learning support
(e.g, RePlay [29]).
In summary, most existing works only provide targeted help for
specific tasks that are performed within a single system without
acquiring a deep understanding of the user needs, characteristics,
and target project. In contrast to the existing approaches in learning
and help-seeking, PONI presents a novel design that focuses on
personalized onboarding. PONI applies a rule-based [36] method to
provide an opportunity for newcomers to declare their own backgrounds and intents. Users can see an overview of the chain of
tools used in the creation process of various AR/VR projects activities that is personalized for their needs and level of experience
in programming and 3D modeling. Furthermore, PONI personalizes tool suggestions based on user’s access to devices and budget
constraints.

2.3

Personalization in formal learning

Personalization in education and learning has a long history [10,
43, 44]. The goal of personalization in formal learning is to adopt
student-centered practices and design intervening mechanisms to
help instructors better individualize learning strategies. They take
into account differences in students’ skill levels, needs, and interests, and assist learners to succeed at a task [63, 75]. By drawing
on this method during the delivery of the curriculum, instructors
can allow students to move at more individualized paces, assign
customized assignments to assess each student’s mastery, devise
a path that is customized to address each student’s needs at the
moment, and cluster students strategically [20]. When personalized
support is provided [95], the student knows which steps to take and
how to proceed independently. When support is non-tailored to
students’ understanding, students often withdraw from the task as
it is beyond or beneath their reach causing frustration or boredom.
One large-scale study [87] of a personalized learning classroom intervention program showed that students’ achievement (measured
with a multiple-choice test and a knowledge assignment) increased
with high levels of personalized support compared to limited levels
of personalizations in student advising. But, how these interventions could be designed beyond a classroom or formal learning
setting is an open research question.
Our work takes inspiration from personalized learning approaches
in classroom settings and explores personalization for informal
learning practices, such as looking up technical tutorials and examples. Personalization requires information about the user, whether
the data are explicitly gathered by asking people to fill out forms
(e.g., rule-based personalization [36]) or implicitly through analysis of behavioral data (e.g., data-driven personalization [13, 31]
or collaborative filtering (e.g., [80]). The latter techniques require

Ashtari, et al.

historical data and digital traces of user behavior to tailor the learning materials to user needs. In designing PONI, since we did not
have prior access to user profiles or digital traces related to onboarding, we could not use data-driven and collaborative filtering
approaches for recommending relevant content. We instead used
a rule-based personalization technique to build user profiles that
take into account a user’s background, skills, and constraints to
offer them tailored onboarding content.

3

DESIGN CONSIDERATIONS AND GOALS

In this paper, we explore the design of a personalized onboarding
interface that helps newcomers get familiar with the landscape of
AR/VR technologies and terminologies, and allows them to retrieve
learning materials relevant to their interests, skills, and constraints.
Based on the related work discussed above, we considered different
aspects of designing and structuring the personalized onboarding
process for new AR/VR creators and derived five design goals:
DG1: Locate targeted learning materials given the creator’s
background and skills. Prior work in learning research shows that
people build new knowledge based on what they already know and
believe [26, 48, 91] and personal variables (motivations, goals, and
self-efficacy) may be predictors of engagement in a development
activity. Onboarding approaches for AR/VR creation should take
into account learners’ prior knowledge (e.g., programming and 3D
modelling skills) and should be flexible enough to adapt to learner
differences [4, 68].
DG2: Locate targeted learning materials given the desired
creation outcomes and constraints. Creating AR/VR experiences requires working knowledge across a chain of software and
hardware tools. For example, designing a VR 360◦ experience for
YouTube could consist of an initial 3D prototype in Blender with
mock ups and animations added in Unity, and use of the YouTube
video player for testing, or optimization for a more immersive experience in an Oculus headset. However, newcomers often fail to
find examples and tutorials that cover this entire process [4, 68].
Moreover, newcomers usually have different constraints based on
their allocated budget and time commitment [4]. Onboarding for
AR/VR creators should allow creators to locate a personalized set of
learning materials that are appropriate and feasible for their desired
creation outcomes and constraints.
DG3: Get inspiration and browse relevant example projects.
Although a plethora of learning resources are available online
(MOOCs, YouTube videos, tutorials, forums), they are laden with
device-specific or application-specific instructions [4, 68]. However,
newcomers often do not even know where to begin as they not
understand the landscape of possibilities and are less familiar with
the vocabulary used in tutorials [4, 30]. Onboarding for AR/VR
creation should facilitate the early stages of exploration by offering examples that creators can use to see design possibilities at a
high-level and simplify the descriptions of needed components.
DG4: Assess relevance of learning materials in relation to
the creator’s background and desired goals. A key challenge for
newcomers often is recognizing relevant projects and tutorials from
a list of search results as they lack a mental model of the underlying
application [47]. Onboarding techniques should use visualization
to provide an intuitive “at a glance” explanation for suggested
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Figure 2: An instance of a project card that constitutes a single result retrieved by PONI. It has three main parts: (a) a header
showing the project’s title, (b) a preview image from the project, and (c) color-coded bars showing to what extent each project
matches the user inputs (e.g., programming, 3D modeling, category, output, budget, time), and (d) a brief project description
and the target audience.

Figure 3: The results page contains customization options for users to define the impact of each user input on showing the
ordered list of matching projects. The initial importance (explained in 4.4.3) of each factor is highlighted in blue and can be
updated by the user. When the user changes the importance of any factor, the order of the results update accordingly to revised
user preferences.
learning materials. For example, highlighting matching metadata
when presenting recommended content has been shown to be a
useful technique [37]. Moreover, features like adding contextual
cues to search results can provide information scent [25, 27] that
can help users more quickly and easily navigate the results.
DG5: Offer freedom and flexibility in personalizing and
exploring relevant learning materials. A known drawback of
personalization and profile-based recommender systems is that the
underlying algorithms can be opaque to the end user, especially
if the system is not open to user inspection or modification [38].
Instead, onboarding should be both adaptable (e.g., allow for manual configuration by the user), as well as adaptive ( e.g., provide
proactive personalizations to satisfy the needs of the user) [71]. If
the adaptation logic is defined in the form of rules, users can gain
control over the system by being able to inspect, understand, and

modify the underlying adaptation model. This is particularly important for supporting the wide range of AR/VR creation possibilities
and diversity among new creators.

4

PONI: SYSTEM DESIGN AND
IMPLEMENTATION

Based on the above design considerations, we followed an iterative
design approach consisting of rounds of sketching and wireframing,
and elicitation of user feedback [98]. We designed PONI, a novel
personalized onboarding interface to help AR/VR newcomers with
diverse backgrounds, skill levels, and range of development goals
to locate relevant learning materials. The design splits across three
main modes of interaction: (1) the input module where the users
specify their background, skills, desired outcomes, and constraints;
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Figure 4: An example simplified project page that provides minimal technical terms and specifications, allowing a novice user
to quickly determine the suitability of the project in light of their own background, skills, and personal goals.
(2) the suggestion module, which suggests relevant learning materials based on user input and allows users to assess the suitability of
each resource; and, (3) the project description module allows users
to see details of each retrieved result and assess their relevance
using metadata such as the required hardware, authoring tools, and
programming languages, among others.

4.1

Input Module: Defining user characteristics
and desired outcomes

Since PONI is a new design concept, we did not have access to users’
information in advance. For providing personalized onboarding
experience, we decided to use a rule-based approach [33, 79] that
focused on incrementally asking for various user characteristics,
preferences, and constraints related to AR/VR development.
4.1.1 Determining the type and category of immersive experience.
Fulfilling DG2, the input module enables users to identify their
target project by learning about the general concept and vocabulary used in creating immersive experiences. PONI prompts users
to choose the type of immersive experience (Figure 1.a) among
two available options (Augmented Reality or Virtual Reality). We
arrived at using AR and VR as the primary representative categories of immersive experiences and excluded Mixed Reality (MR)
from available options due to the ambiguity and disagreement in
the definition of MR in the literature [82]. Next, PONI prompts

users to specify the category of experience (Figure 1.b) within AR
or VR technologies [50, 82] by adopting the clustering introduced
in existing approaches [50, 82, 97]. This step helps users further
specify the type of desired immersive experience (e.g., a markerbased vs a location-based AR experience or a simulation vs. 360◦
VR experience) by browsing examples (more details can be found
in Appendix A).
4.1.2 Specifying the target tools and type of outcome. To address
DG2, PONI also prompts users to specify their intended ways of
experiencing the output. Following DG3, all tools are shown with
images to provide learning opportunities and to support recognition over recall (Figure 1.c) [70]. Moreover, users with budget
constraints are provided with an option to specify a budget range for
further customization and user control. PONI provides an "I don’t
know; Please assist" choice to accommodate the decision-making
process and facilitate learning through exploration if users have no
particular preferences or are unsure what to choose.
4.1.3 Determining user skill sets and constraints. Considering differences in technical skills and motivations of the creator base of
AR and VR experiences (DG1), PONI prompts users to self-define
their programming experience, 3D modeling familiarity, and approximate the time they want to spend on their desired AR/VR
project (Figure 1.d).

PONI: A Personalized Onboarding Interface

4.2

Suggestion Module

4.2.1 Locating relevant learning materials. In keeping with DG4,
PONI’s results page (Figure 1.e) lists projects in ranked descending
order of match relevance (the matching algorithm is detailed in
4.4.3). Each example project is introduced by a card containing
a representative image and information about the factors such
as programming level, 3D modeling level, category, output type,
and estimated completion time (Figure 2). The suitability of each
factor is portrayed through four colours from green being exact,
yellow being close, red being weak, and grey being no match to
reduce users’ cognitive load and support recognition over recall. By
clicking on each project card, users gain access to in-depth details
of a given project’s creation details (see 4.3).
4.2.2 Customizing suggestions. Applying DG5, PONI offers user
control by allowing users to manually customize the importance
of factors influencing the ordering of suggested projects (Figure 3).
To simplify the interpretation of the numeric schema used in the
background algorithm (see 4.4.3), PONI presents the importance
of each factor using a descriptive schema (e.i., not very important,
somewhat important, and very important).
4.2.3 Filtering suggestions. By default, PONI presents all matching
projects ordered from most to least relevant. However, addressing DG5, users can also apply hard filters and reduce the size of
their search space (e.g., only show projects related to simulations).
PONI applies these filters over the system’s initial suggestions (see
Appendix B).

4.3

Project Description Module

Following DG1 and DG4, each project page is personalized and
designed to offer an appropriate level of information based on
different user characteristics. In particular, there are two types of
project pages:
1) simplified project pages (Figure 4) that target non-technical
creators and minimize jargon to allow users to quickly see whether
or not the project fits their needs.
2) intermediate project pages that target creators with intermediate to advanced skills in 3D modelling and programming. This
page provides more detailed information about the recommended
and optional programming languages, frameworks, 3D modeling
tools, output devices, and the hardware requirements for creating a
similar project. If a newcomer to programming sought more details
of a given project, PONI directs them this page template.

4.4

Implementation

PONI is a platform-agnostic web-based application written in HTML,
JavaScript, and Python in the Django framework. The goal was to
create a proof-of-concept implementation of the personalized onboarding concept with real-world data that could be evaluated with
real users. Once a user submits their initial preferences questionnaire (described in 4.1), PONI matches user preferences (described
in 4.4.3) against its back-end curated database of AR/VR projects
(explained in 4.4.2). In the current implementation of PONI, the
database consists of a manually-curated collection of over 100 AR
and VR example video projects and tutorials (this database can be
made available to other researchers upon their request).
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4.4.1 Gathering example projects and tutorials. Given the popularity of video tutorials in self-directed learning practices [47], we
populated PONI’s database with English-speaking YouTube videos.
We aimed for diversity in the AR/VR technology used, level of
complexity in 3D modeling and programming, authoring software,
and project topics (see Appendix C). We ensured that all videos
showcase at least one project and excluded general explainer videos
on AR and VR.
4.4.2 Curating gathered projects. Two of the authors with prior
experience in AR/VR creation independently annotated videos gathered from YouTube. To construct a consistent annotation schema,
these authors looked at prior work on roles of user expertise interacting with user interfaces and feature-rich software [34] and challenges of non-professional AR/VR creators [4, 68]. As a final schema
(see Appendix D), the authors annotated each project based on the
type and category of experience within AR/VR, the difficulty level
of 3D modeling and programming of each project, estimated budget
(including physical equipment and general software licences) and
time to complete a project given level of difficulty, recommended
and optional creation platforms, 3D modeling software, hardware,
and relevant keywords used in the creation of the project. The annotations also included a general project description and possible
target audiences of each project. The authors had two rounds of
discussions to ensure the consistency of annotations. In the first
round, researchers looked for similarities and differences in the curation to reach agreement in annotations. In the second round, after
completing the curation on both sides, an inter-rater reliability test
was applied to ensure annotation consistency, achieving a Kappa
score of 0.81.
4.4.3 Presenting ranked list of projects. Based on the responses
collected through the input module (see 4.1), PONI’s internal algorithm starts to match user inputs against its curated database
(see 4.4.2). The ranked list of matches consists of individual project
cards (see 4.2.1). We defined a scoring function to sort and present
a ranked list of matching projects using two criteria: closeness of
match between user input and the corresponding curated project
attributes, and the importance of each of the attributes (e.g., programming, 3D modeling, output, budget, time). To visually demonstrate the extent to which each attribute matches user input, PONI
renders the closeness factor using the color schema introduced
in 4.2.1 (Figure 2).
Closeness of Match: PONI considers the extent to which the
user responses match the curated project attributes (e.g., No Match,
Weak Match, Close Match, and Exact Match). PONI compares eight
attributes of each project’s annotations and the user’s answers
to: type, time, budge, category of experience, head mounted display, output devices, 3D modeling experience, and programming
experience questions (see Appendix E for calculation details of the
closeness of match).
Importance of Attributes: PONI determines how each of the
above factors are important for ordering (e.g., Low, Medium, and
High). The importance of each factor can also be customized by the
user on the results page (see Appendix E for calculation details of
the importance of attributes).
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5

USABILITY STUDY

To evaluate the extent to which the personalized onboarding concept introduced in PONI helps AR/VR creators find examples and
tutorials, we compared PONI to a non-personalized keyword-based
retrieval approach which resembles the "status-quo" of finding online materials. We ran a usability study with 16 users who were new
to AR/VR creation and assessed their perceptions of usability (ease
of use), utility (ease of locating relevant materials), and engagement
(feel of control, confidence, and system demand) using quantitative
and qualitative methods.

5.1

Baseline Interface Used for Comparison

To evaluate how the personalized learning materials suggested by
PONI are perceived by users, we implemented another retrieval
interface (which we will call BASELINE henceforth) that incorporated the same database of AR/VR projects used in PONI but did
not personalize the retrieval. This interface (Figure 5) provided a
keyword-based query interface and matched user queries against
the curated metadata used in PONI. The formatting of the search
results displayed in BASELINE was similar to PONI in that users
could see each project’s metadata through project cards. However,
the key difference was that BASELINE did not provide any visual
cues indicating to what extent each factor matches user inputs.
Since no personalization was provided within this condition, all
users saw the default project description page that provided full
access to all of the metadata.
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5.2

5.3

Study design and tasks

We used a within-subject design to minimize the impact of high
variation among participants. Participants completed four tasks in
total under two conditions (two using BASELINE and two using
PONI) where each task asked them to select learning materials
using one of the interfaces. Participants were asked to locate at
least three relevant learning resources for a given AR/VR creation
scenario and creator persona (an example is shown in Figure 6. We
defined personas and tasks based on documented experiences of
newcomers to AR/VR [4, 50].

5.4

Figure 5: The BASELINE interface consists of a search bar (a)
where users issue queries using keywords. The list of results
shown only match the user’s search query and there is no
personalization. Similar to PONI, (b) the projects are listed in
separate cards indicating metadata. But, unlike PONI, BASELINE does not provide any visual cues indicating to what
extent each factor matches user inputs.

Participants

We focused on recruiting participants who were new to AR/VR and
excluded any experienced AR/VR developers so that we could study
their perceptions of the onboarding process and reduce any prior
learning effects. To obtain a broad overview of AR/VR creation
practices, we recruited a diverse pool of participants (9F/7M) from
different backgrounds (CS, Architecture, Arts, UI/UX design, Industrial Design). Our participants were all between the ages of 18-34
and had different levels of education (7 Bachelor’s, 6 Master’s, and
3 PhDs). All participants reported their initial interest in AR/VR
creation. The majority (12/16) of participants were completely new
to AR/VR creation while a few (4/16) had tried to create an AR/VR
experience in the past but still self-identified as novices. We recruited these participants mainly from university mailing lists and
personal connections in the local community.

Study Procedure and Measures

We conducted the study both in-person and remotely through
Zoom, and participants received a $15 Amazon gift card for their
time. Participants were asked to log in to our web portal with preassigned credentials. This portal allowed them to access both test
systems (PONI and BASELINE). To minimize user bias, each system was assigned a pseudonym (e.g., Green for PONI and Blue for
the BASELINE condition). Next, participants filled out a pre-test
questionnaire (via SurveyMonkey) that captured demographics and
information about prior experiences in AR/VR creation learning
(e.g., familiarity with AR/VR creation software and platforms, general experience in finding learning materials for AR/VR creation).
We presented each of the tasks one by one in random order. After
completing each task, users filled out a post-task questionnaire
(via SurveyMonkey) to assess their perception of usability (ease of
use), utility (ease of locating relevant materials), engagement (feeling of control, confidence, and system demand), and system reuse.
Lastly, we carried out follow-up interviews to further probe into
the strengths and weaknesses of each onboarding system design.
Sessions were video and audio-recorded for transcription, and the
participants were asked to share their screens through Zoom during
the usability test. The usability test and follow-up interview took
approximately one hour.

5.5

Data Analysis

We used a combination of statistical tests and an inductive analysis
approach [19] to analyze the study data. We ran Wilcoxon signedrank tests with the nominal variable "system" (having two levels:
PONI and BASELINE) and ordinal variable "agreement" having five
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Figure 6: One example of the scenarios used in the user study.
levels (Strongly Disagree, Disagree, Neutral, Agree, and Strongly
Agree) to quantitatively determine the significance of the results.
We analyzed the participant’s qualitative feedback using affinity
diagrams and explored themes around users’ perceptions of the
personalized onboarding concept. Through discussions with two
members of our research team, we categorized our findings and
identified key recurring themes related to usability, utility, engagement, and areas of improvements.

5.6

Results

Overall most of our participants preferred PONI (15/16) over the
BASELINE condition for locating relevant AR/VR learning materials. We next present users’ perception of usability, utility, and
engagement as they interacted with the two different conditions in
our study.
5.6.1 Usability. Users found PONI (𝑀𝑑𝑛 = 4) to be easier to use
than BASELINE (𝑀𝑑𝑛 = 3.5) and this difference in perceived ease
of use was significant (𝑧 = −3.14, 𝑝 < 0.002). Participants found the
question and answer, step-by-step style of PONI to be “light” and
“easy to manage” as it provided them with an "intuitive" starting
point (even when these creators had limited or no understanding
of what AR/VR projects they should look at). In contrast, the openended nature of keyword search in BASELINE felt like a “black box”
and left them “uncertain” and “clueless” about what needs to be
prioritized and what a meaningful query should even look like:
“In [BASELINE] it got a little bit tricky to know which keyword I
need to search for...because, I can go through 10 results or change the
keywords 6-7 times, but because I had to check the suitability of them
all, it was a bit time-consuming.” (P5)
5.6.2 Utility. Overall PONI (𝑀𝑑𝑛 = 4) was ranked higher than
BASELINE (𝑀𝑑𝑛 = 3) in terms of ease of locating relevant materials and this difference was significant (𝑧 = −3.39, 𝑝 < 0.001)).
Participants explained that the simplified terms and examples used
during input served as "clues" and helped them with understanding
the AR/VR nomenclature:
"It [PONI] is just intuitive;...I appreciated the question and answer
method; it held my hand a bit more. Also, the features of filtering and
prioritizing kinda gave you some clues about the metrics and terms
you need to look for." (P1)
In addition, participants indicated that PONI could be a useful
"hub" for figuring out what the requirements should be for a given

project and what current standards are before they even touch an
authoring tool:
"It [PONI] helped me know what I need to be considering. Because
in the beginning, I do not have a set standard in my mind...I did not
have to type anything, and it meant that I did not have to figure out
the words." (P1)
While our quantitative analysis showed that there was significant
overall user preference for PONI, some participants who were confident in their programming skills (known as Hobbyists in [4]), visual
cues and automatic ordering of the results were not enough for
locating relevant materials. These participants were ambitious with
their learning goals, and found that some of the retrieved results
were perhaps "too easy", "limiting" or "not challenging enough".

5.6.3 User engagement. Participants indicated that PONI (𝑀𝑑𝑛 =
4) provided significantly higher control (𝑧 = −3.13, 𝑝 < 0.002) compared to the BASELINE condition (𝑀𝑑𝑛 = 3). Users found PONI
helpful in making informed decisions as it allowed them to choose
their priorities and maintain control over their preferences:
"...With this one [PONI] I am able to judge better whether those
results fit my criteria or if they do not fit how off or different they are
from my criteria." (P3)
Another aspect of PONI that provided more control to participants was the centralized way of presenting information:
“...when I was taking my class, I had little knowledge of AR/VR... I
had to read Reddit forums or Google Poly and post on them because
that was the only way I understood the terms and processes but still
did not get a full picture.” (P9)
While PONI was helpful in anchoring participants to examples
that fit their skills and constraints, we observed that some users
wanted to also find relevant materials based on topics of interest
(e.g., all classroom-related AR examples). The current version of
PONI was not able to provide this low-level of control over topic
so that users could cluster projects that are thematically similar.
PONI (𝑀𝑑𝑛 = 4) was also ranked significantly higher than
the BASELINE (𝑀𝑑𝑛 = 3) condition in helping participants feel
confident about their selections (𝑧 = −3.03, 𝑝 < 0.002). A recurring
sentiment expressed by participants was that the simple language
used in PONI helped them take the appropriate next step and gave
them more confidence about the criteria and keywords they should
look for. With BASELINE, all participants reported frustration in
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formulating and re-formulating search queries from scratch as they
struggled to assess the relevance of the results.
Participants ranked interacting with PONI (𝑀𝑑𝑛 = 1) significantly less demanding than the BASELINE (𝑀𝑑𝑛 = 3) condition
(𝑧 = −3.49, 𝑝 < 0.001). They also were more likely to reuse PONI
(𝑀𝑑𝑛 = 4) than the BASELINE (𝑀𝑑𝑛 = 3.5) tool in the future
(𝑧 = −3.47, 𝑝 < 0.001). Participants noted that the visual cues provided in PONI made it easier to peruse through search results and
explore learning resource alternatives. With BASELINE, users had
to spend extra time and effort to determine relevance, usually with
little success:
“I found it [BASELINE] cognitively demanding because I needed to
memorize so many different things at the same time. I was trying to
make it easier by opening multiple tabs so I did not forget the ones
I liked...I felt the need to take a look at all of them, but at the same
time, I could not evaluate all of them in time.” (P7)

5.7

Areas of improvement

Although PONI was perceived to be significantly better than the
BASELINE condition for all of our measures, we did synthesize
some potential areas of improvement for personalized onboarding
based on the user feedback. First, some participants in the interviews reported a slight preference for using a combination of both
the keyword-based and a rule-based personalized approach. These
participants indicated that they could initially benefit from having
PONI’s exploratory approach for understanding a project’s requirements, keywords, and feasibility, but would like to be able to search
by keywords as they gained more experience. Some participants
also shared a need for a side-by-side comparison of projects and a
more in-depth analysis of how suggested projects map their individual profile. While PONI was helpful for participants in locating and
recognizing suitable learning materials, there was no easy way for
them to compare the pros and cons of a group of similarly relevant
projects. Users also indicated that they would feel more confident
about trying out a project if they could see how their skills (e.g.,
in 3D modeling or programming) map to the different steps of a
project’s creation process.

6 DISCUSSION
6.1 Key Takeaways
We have contributed the design and evaluation of a novel personalized onboarding interface (PONI) that helps AR/VR newcomers
locate relevant learning materials tailored to their programming
and 3D modeling skills, development goals, and constraints, such as
time or budget. Our initial evaluation indicates that for AR/VR newcomers, the personalized onboarding process offered by PONI can
be more intuitive, useful, and engaging compared to exploratory
keyword-based search methods. Our work complements ongoing
efforts in AR/VR authoring (e.g., [60, 66, 67]) to lower the onboarding barriers for creators from different backgrounds by assisting
them in understanding the landscape of AR/VR creation and getting
inspiration for projects.
Although our focus in this paper was on AR/VR creation, we
believe that our approach of facilitating personalized onboarding
can be generalized to other complex design tasks, such as 3D modeling [46, 47], and software development tasks [18, 21, 51, 59, 92]
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where there is need to understand the landscape and relevant terminologies before beginning the complex authoring process. Our approach complements other innovations in personalized systems for
learning and information-seeking by bringing in a human-centered
lens and an interaction design approach for tackling the problem.
For example, most of the research on personalized information retrieval has focused on the optimization of the underlying algorithms
[15, 16, 64], and it is rare to see explicit focus on the interaction design of these systems that captures users’ perceptions. Our research
shows the importance of observing people using such systems and
capturing their perceptions of the effectiveness and utility of personalized results. Insights from this study reveal that there is more
in play than just the effectiveness of a retrieval algorithm and factors such as the UI design, user control, transparency, and flexibility
all impact users’ overall impressions.
We now discuss some limitations of our current work and highlight promising directions for future work in HCI to further expand
the design space of personalized onboarding.

6.2

Limitations

Although our implementation of PONI as a proof-of-concept webbased application was useful for assessing users’ initial reactions
and perceptions of personalized onboarding, more research is needed
to fully understand how users would interact with such tools in
their actual learning tasks (for example, through a longitudinal
field study). Given the scope of this research, the factors that we
considered for curating existing projects in our database may not
be exhaustive and it is important to keep understanding and addressing the evolving needs of AR/VR creators. However, given
our current design and implementation, a natural extension for
expanding the curated database would be through the use of methods such as crowdsourcing which have been successful in other
learning contexts [94]. Lastly, our current scoring function used for
ranking the results only considers three levels for proximity and
importance, and future work can explore more granular levels to
improve the distinctive power and accuracy of the retrieval in more
complex onboarding scenarios.

6.3

Expanding Personalized Approaches

In our current implementation of PONI, we made use of a rule-based
approach to retrieve and suggest learning materials based on user
input. While this approach has been shown to be accurate in controlled scenarios, it can be blind to user context and may offer low
flexibility in supporting spontaneous user interactions [33, 79] (e.g.,
new items or users that do not fit in any pre-defined clustering). In
addition to rule-based approaches, more flexible forms of personalized recommendations can be explored that leverage information
from user interaction. For example, collaborative filtering using
ratings or other forms of user-generated feedback [11, 39, 81] can
determine preference commonalities between groups of users and
generate recommendations based on inter-user similarities, which
can be particularly useful for supporting the diverse needs of AR/VR
creators. Furthermore, content-based filtering [5] also can be used
to generate finer-grained recommendations based on the history
of a particular user’s interactions. Our curated, labeled database of
projects can also be used to explore more sophisticated automatic
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approaches using machine learning and similar techniques [77, 93].
But, some caution has to be used as retrieval and recommender
systems that rely on automation and predict user behaviour based
on current patterns can suffer from the cold-start problem [33, 79]
when they initially lack meaningful data for creating user models.
Based on the insights from our study and prior work on hybrid use of rule-based and adaptive recommender systems [14],
there could be some benefits in exploring a combination of both
approaches. For example, it can be helpful to learn about user goals,
skills, constraints, and context through the initial input and the
personalized onboarding systems can adapt as learning progresses.
It could be interesting to create experiences that support the delivery of short-term contextual recommendations (e.g., what device is
appropriate for my end goal?) and higher-level long-term global recommendations (e.g., task flows and different roadmaps for creating a
target project). Such systems can also track and progressively monitor newcomers’ progress when applying recommended solutions
and completing steps on authoring platforms, predict their needs,
and recommend learning materials appropriate to their context.
Given the impacts of personalization on how a user experiences
and gets exposed to a technology, it can also be interesting to consider the effect of the filter bubble [69] of personalization which can
isolate people from a diversity of viewpoints or content. An interesting challenge for the future research would be the investigation
of interplay between learner-directed exploratory and personalized
learning methods.

6.4

Supporting Long-Term Engagement

6.4.1 Accommodate high-level and low-level user learning needs.
AR/VR creation and other digital creative processes [29, 68] often
require working across a chain of different tools. Professional developers may be able to work with tools at the high end of the toolchain
(e.g., Unity) since they have the relevant training and experience,
but newcomers often end up wandering around and working with
a large patchwork of tools or get stuck with sub-optimal solutions
[4, 47, 68]. In the current design of PONI, participants perceived
every suggestion by the system to be click-through to provide a
reliable gateway without a need for user validation. This opens
up the design space for new support tools to focus on providing a
project road map joint with relevant learning materials.
6.4.2 Support learning through embedded communities and automated approaches. While the current design of PONI was perceived
to be effective in showing results matching a user’s declared interests and backgrounds, there is opportunity to further expand the
richness of the retrieved results. For example, as pointed out by
participants, having a way to compare the merits of different results
would help them make more informed selections. Embedding in
additional comments and shared experiences from other creators
within each project or tutorial (as has been explored in some recent
work [12, 23, 90]) could further enhance the learning experience
for new creators.
6.4.3 Facilitate evolving needs and situational interests. Currently
PONI only allows users to declare intents once and offers only basic
customization and filtering options (see Figure 3). There is little
support for users as their individual needs evolve or their situational
interests change (e.g., if they change mind about a particular device)

NordiCHI ’22, October 8–12, 2022, Aarhus, Denmark

over time. A challenge for future work is to investigate flexible ways
to provide long-term support for evolving needs of the user. One
approach could be providing multiple roadmaps (similar to [35, 52])
for a given project through which users can flexibly change their
pathways (e.g., change their method, devices, completion time)
based on their evolving interests.

7

CONCLUSIONS

In this paper, we have introduced the design of PONI, a novel personalized onboarding interface that assists new AR/VR creators in
locating learning materials that are tailored to their programming
and 3D modeling skills, development goals, and any constraints,
such as time or budget. Users found the step-by-step question-andanswer style, color-coded suggestions, and personalized results
to be intuitive, useful, and saw PONI’s potential as a knowledge
hub for inspiration and self-directed exploratory learning. Our
findings provide an initial lens into the potential benefits of personalization for onboarding and early stages of learning about
AR/VR creation and could be extended to other informal learning
in technical domains.
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